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• One of the major barriers in the 

treatment and management of 

Tuberculosis is the early Diagnosis and 

treatment of Tuberculosis. In the 

recent times, with the emerging 

technological advancements, the use of 

Artificial Intelligence (AI) has gained 

significant importance and has been 

employed in the context of tuberculosis 

screening as well.

• The study was conducted to determine 

the interpretation and screening 

accuracy of two AI Assisted CXR 

Interpretation tools namely qXR from 

Qure.AI and Genki from Deeptek; with 

manual interpretation of CXR using 

Conventional Digital X-Ray Methods 

along with to find out the cost-

effectiveness analysis of AI Assisted 

CXR in comparison with Manual 

Interpretation of CXR.

•  The findings of the study indicated 

that the Incremental Cost-Effectiveness 

Ratio (ICER) for qXR was found to be -

9,864.77 INR per case screened / 

interpreted

Policy 

Recommendations
• Both interventions fall 

within the acceptable cost-

effectiveness range which 

can enhance screening 

procedures by addressing 

the issue of human 

resource constraints and 

reducing the delays in the 

diagnosis and treatment of 

Tuberculosis.

• interpreted. Both ICER values 

are below the per capita GDP of 

India for the year 2022 

(1,97,440.48 INR), indicating 

cost-effectiveness. 

• The study concluded that AI 

enabled interpretation could be 

a potential solution to the issue 

of human resource constraints 

and reduce the delays in the 

diagnosis and treatment of 

Tuberculosis. The study also 

reported the pooled sensitivity 

and specificity of the AI 

interventions from existing 

literature, which were found to 

be 90% and 68% respectively 

which meets the non-inferior 

accuracy criteria as per WHO 

consolidated guidelines on 

systematic screening for 

tuberculosis and hence might be 

looked up as a potential 

alternative in resource 

constraint settings.

• Tuberculosis (TB) remains a pervasive global health 

challenge, claiming millions of lives annually and posing 

a substantial burden, particularly in countries like 

India, where it is a leading cause of mortality. India has 

set ambitious targets through its National 

Tuberculosis Elimination Program to achieve “End TB 

Strategies” by 2025. 

• One of the major barriers in the treatment and 

management of Tuberculosis is the early Diagnosis 

and treatment of Tuberculosis. In the recent times, 

with the emerging technological advancements, the 

use of Artificial Intelligence (AI) has gained significant 

importance and has been employed in the context of 

tuberculosis screening as well.

• AI-assisted solutions have the potential to 

revolutionize TB detection in radiography, 

contributing to improved patient outcomes and global 

public health efforts. This assessment explores the 

transformative impact of AI-assisted CXR 

interpretation tool for tuberculosis and its cost 

effectiveness. Two tools were taken in the 

assessment: 1) qXR, Qure.Ai and 2) Genki, DeepTek

Aims and Objective
The study was conducted to determine the 

interpretation and screening accuracy of two AI 

Assisted CXR Interpretation tools namely qXR from 

Qure.AI and Genki from Deeptek; with manual 

interpretation of CXR using Conventional Digital X-

Ray Methods along with to find out the cost-

effectiveness analysis of AI Assisted CXR in 

comparison with Manual Interpretation of CXR.

PICO
• Population: Patients screened for potential TB-

related chest pathology

• Intervention: AI-Assisted interpretation tools for 

chest X-Ray: qXR and Genki

• Comparator: Manual Interpretation by Radiologists 

of CXR taken by Digital X-Ray machine

• Outcome: 1) Diagnostic Accuracy in interpretation 

using AI Assisted CXR tools in compared to 

conventional method. 2) ICER: Cost per Case 

Interpreted/Screened

Methods and Approach
• The study employed cost-effective analysis based on an economic model, conducted from a health system 

perspective. 

• Diagnostic accuracy: Pooled sensitivity and specificity were used combining the results of 6 studies data sets.

• Cost per Cases Interpreted with the help of Capital cost (Software/License costs, Deployment and Integration, 

Dedicated client support, Life cycle management) and Operational cost (HR, Software maintenance, Printing cost 

& other miscellaneous costs)

• Source of Information: For Intervention, Service Providers and User department and For Comparator, 

Secondary data from HTAIn RRC-IIPHG CXR costing study were considered for the study.

Executive Summary

Background and Gap in Literature



Results
• The findings of the 

study indicated 

that the Incremental 

Cost-Effectiveness 

Ratio (ICER) for 

qXR was found to be 

-9,864.77 INR per 

case 

screened/interpreted

, while for Genki, it 

was 11,286.93 INR 

per case 

screened/interpreted

. Both ICER values 

are below the per 

capita GDP of India 

for the year 2022 

(1,97,440.48 INR), 

indicating cost-

effectiveness. 

• For gaining one unit 

of health benefit, 

healthcare system 

can maximum spend 

an amount of INR 35 

and INR 410 for 

Genki and qXR 

respectively.
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Figure 1: Decision tree model 

Pooled Sensitivity Pooled Specificity 

For qXR (Intervention) 90.22 68.21

For Genki (Intervention) 90.41 66.38

For Radiologist (Comparator) 88.72 49.61

WHO Minimal requirement for target 

screening test
> 90 > 70

Table 1: Calculated Pooled Sensitivity and Specificity

Figure 2 CE Plane for Genki

Figure 3 CE Plane for qXR

• Figure 2 and 3 

illustrates cost-

effectiveness plane. 

Orange dot indicates 

ICER value which 

suggests that  the AI 

solution falls under 

the dominant 

quadrant, making 

intervention 

acceptable and 

preferred option.

• The tornado diagram for both the intervention of 

one-way sensitivity analysis shows that ICER value 

is slightly changed when the input parameters were 

changed in multiple indicators.

Conclusion

• The study concluded that AI enabled 

interpretation could be a potential solution to the 

issue of human resource constraints and reduce 

the delays in the diagnosis and treatment of 

Tuberculosis. The study also reported the pooled 

sensitivity and specificity of the AI interventions 

from existing literature, which were found to be 

90% and 68% respectively which meets the non-

inferior accuracy criteria as per WHO 

consolidated guidelines on systematic screening for 

tuberculosis and hence might be looked up as a 

potential alternative in resource constraint 

settings.
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